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@ GeolA | Modelos pre-entrenados y listos para usar

« Coches « Campos agricolas .
» Desenfoque de matriculas < Piscinas >
» Estacionamientos * Almohadillas de pozo .
« Cobertura del suelo * Derrames de petroleo .
* Plazas * Palmeras

« Seres humanos * Lineas eléctricas

+ Conteo de multitudes * Torres de transmisién -
« Desenfoque facial » Defectos del aislador .
 Edificios * Aerogeneradores

« Carreteras * Paneles solares .
» Parcelas .
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 Clasificacion de Infraestructura 0
Peatonal 0
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Building Footprint Extraction - USA

» Deep Learning Package By esri_analytics

rints from high-resolution

Solar Panel Detection - USA

» Deep Learning Package By esri_analytics p 5 v » Deep Learning Package By esri_analytics

t solar panels fror resolution imagen g Deep learning package to classify
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@ GeolA | Modelos pre-entrenados y listos para usar

Modelos preentrenados ‘task-specific’ Modelos preentrenados generalistas
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Car Detection Land Cover Classification

Enfocados en una sola tarea Versitiles a través de prompts



GeolA | Captura de datos
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@ GeolA | Deteccion de barcos desde Sentinel-1
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Europe’s eyes on Earth

esa
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Sentinel-1 Ship Detection Dashboard

Images

Search... (0}

Lima | Sentinel-1A
April 6, 2026 3t 11:34 PM
107 Detections

Port of Oran | Sentinel-1C
April 6, 2026 at 6:00 PM
18 Detections

Suez Canal | Sentinel-1C
April 6, 2026 at 3.34 AM
12 Detections

Suez South | Sentinel-1C
April 6, 2026 at 3:36 AM
22 Detections

Mariupol | Sentinel-1C
April 6, 2026 at 3:39 AM
19 Detections

Fort Story | Sentinel-1A
April 5, 2026 at 10:26 PM
35 Detections

Port of Rotterdam | Sentinel-1C
April 5, 2026 at 5:24 PM
48 Detections

Gulf of Aden | Sentinel-1A

April 5, 2026 at 2:46 PM
5 Detections

San Diogo Bay | Sentinel-1A
April 5, 2026 at 1:44 PM

22 Detections

Lima | Sentinel-1A

April S, 2026 at 10:39 AM

19 Detections

Automating GeoAl with Notebook & Image Server

Detections Over Time
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Detections in last 48 hours

614

Two week average: 18

T 232% vs. promedio
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GeolA | Flujos Analiticos: Acumulacion de graneles solidos
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@ GeolA | Prediccion basada en series temporales
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‘ GeolA | Prediccion de acumulacion de sedimento

"7-\‘ TR 8 ST e, e # 3
» " " Sedimentation analysis fesults: Accu
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Month Zone
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Count of dangerous depths
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Pérdida de calado

Batimetria y dragado
Prediccion de pérdida
de calado y sedimentos

B R

Tiempo
Uso de batimetrias histéricas
en cubos espacio-temporales

Modelos de series temporales
y Machine Learning

Prediccién de zonas de acumulacién

de sedimentos

Estimacion de volumen y momento

6ptimo de dragado

Select points on map to generate volume 7
calculation ’
/
/
’
7/
y L
Total Sediment Zone Summary Custom Query 7/
— ’

Beneficios

Dragados predictivos, reduccion de costes,
mayor seguridad y eficiencia operativa
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Facilitar el uso de los GIS con IA generativa

Parkncidert Report Oruvien (Do) Cosbonte S Daa e <

Creacion de encuestas >
Busqueda'y Mapeo

Documentacién (odos los productos Generacion de
e e — =omm cOdigo

" Story Maps (escritura)
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GIS de escritorio Aplicaciones instaneas




Geoprocessing
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Agentes | ;Qué es un agente de IA?

' (modelo) , ‘ ¥ oo i 4

ENTRADA ol \ AGENTEDEIA | . YSAFIDA

N >

Decide y ejecuta acciones

x HERRAMIENTAS ’ m CONOCIMIENTO @ MEMORIA




Agentes | Conocimiento geoespacial agéntico

Proporcionar conocimiento geoespacial y herramientas a los agentes de IA

\— ----- * Herramientas 2
- —-e Servicios /\ /' \
Mediante estandares

----o Contenido
como MCP -D l B :
\./ i W 7 i

Sistemas Orqguestacion de
Geo-enabled agentes
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&) Home - Microsoft Copilot Stud X & MCP Server X + 4 Gemini - al

» C 2% https://copilotstudio.microsoft.com/environments/Default-aeebe3c9-711e-4c7c-bd27-04f2307db20d/home * 2 *’ :

-0

Environment

Copilot Studio /ot 2 @ : 538 - B Esri (Upgrade)

n What would you like to build?

Agents 2 Workflow

Flows

Start building by describing what your agent needs to do

oo
Toolks

€3

Start building from scratch

+- L) -

Create workflow Create an agent Create computer-using agent
Powerful automations speed up your Flexible solutions that take action, share Let agents accomplish even more across
processes with ease and security in mind knowledge, and handle tasks apps and websites
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@ Overview - Agent 1| Microsoft X @ MCP Server x o+ 4 Gemini - ] x

< ? c 2% https://copilotstudio.microsoft.com/environments/Default-aeebe3cd-711e-4c7c-bd27-04f2307db20d/bots/Te81f5f2-74fa-f011-8406-6045bd08e6dc/overview (A ¢ EE *' :
o > / ; } Environment
Copilot Studio par : . B Esri (Upgrade)
. . Q . . 2
i) ” Agent 1 f‘j Overview Knowledge Tools Agents Topics +4 Publish Settings T
| ﬂ @ ‘Your agent has been provisioned. X
Agents
9. Test your agent @ - @ X
ol Details 2 Edit
oo
Took Agent 1
e Descripti{m 1310
Mone provided
Hello, I'm Agent 1. How can | help?
Select your agent's model (_'} "?
Your agent will primarily use the model for reasoning and responding. Experimental models are subject to
preview terms. Learn more A minute ago
GPT-4.1 (Default) V Ask a question or describe what you need
0/2000 v B
Instructions /7 Edit
You're testing your agent's real responses and capabilities. Find
Describe what you want this agent to do, its tone, and rules. troubleshooting help here. Make sure Al-generated content is accurate

and appropriate before using. See terms

== Q Search ‘?@-— &a@a g AQ'Q’@dxal;f;;;ﬂ



& Overview - Agent 1| Microsoft X @ MCP Server X + 4 Gemini — o X

C 2% https://copilotstudio.microsoft.com/environments/Default-aeebe3c9-711e-4c7c-bd27-04f2307db20d/bots/7e81f5f2-74fa-f011-8406-6045bd08ebdc/overview (O ~ ¢ I__a ’ :
_ . o—a—4g D Environment
Copilot Studio (- < - : : S 4 B gy (Upgrade)
(R B
% m Agent 1 f} Overview Knowledge Tools Agents Topics +4 Q Publish Settings %
ome e
| (/) @ Your agent has been provisioned. X
Agents
? Test your agent New test session (@ Evaluate @™ X
0
Flows nediganus
50
Tooks “\ Search sources 0.13s | was unable to retrieve the XY (latitude and longitude)
Knowledge coordinates for 424 Lakeside Ave, Redlands from the

available sources. If you have access to a mapping or
geocoding service, you may be able to obtain the

coordinates directly by entering the address there. If

ll\ Search sources 0.07s you need further assistance or want to try a different
Knowledge % approach, please let me know!

“‘ Search sources 0.07s 18 minutes ago
Knowledge

Ask a question or describe what you need

0/2000 2 >

a Complete

You're testing your agent's real responses and capabilities. Find

troubleshooting help here. Make sure Al-generated content is accurate

and appropriate before using. See terms

B Q sern - SeNCEHE ARG s




& Overview - Agent 1| Microsoft X & Microsoft Copilot Studio X P Microsoft Power Automate |Co X & MCP Server X + 4 Gemini — (@] X

> C 25 https://copilotstudio.microsoft.com/environments/Default-aeebe3c9-711e-4c7c-bd27-04f2307db20d/bots/7e81f5f2-74fa-f011-8406-6045bd08e6dc/overview v a2 " :
. 5 5 ‘ 8-~ Environment
Copilot Studio —p= - - B gy (Upgrade)
@ m Overvi Knowl T A Topi 4 Q Publish Setti =
RS Agent 1 Cp erview nowledge ools gents opics  + ublis ettings i
I Ag({'ms , Test your agent @ - B X
Details / Edit
Flows
Agent 1
o%
0o
oo Description 13/1024
None provided
Select your agent's model

Hello, I'm Agent 1. How can | help?
Your agent will primarily use the model for reasoning and responding. Experimental models are subject to

preview terms. Learn more & Q
GPT-4.1 (Default) v Just now
Ask a question or describe what you need
Instructions O Edit 0/2000 ? P

Describe what you want this agent to do, its tone, and rules.
You're testing your agent's real responses and capabilities. Find

troubleshooting help here. Make sure Al-generated content is accurate

and appropriate before using. See terms

== QSearch g@; @ ‘ @ é 5 A& @ =~ dx @ 1/:?/2(:);2»@




a Cwverview - Agent 1| Microsoft X @ MCP Server x +

4 Gemini — ] b
< ? c 2% https://copilotstudio.microsoft.com/environments/Default-aeebe3cd-711e-4c7c-bd27-04f2307db20d/bots/Te81f5f2-74fa-f011-8406-6045bd08e6dc/overview v EE “' :
Copilot Studio

Environment

Esri (Upgrade)

|
] ” Agent 1 (6 Overview  Knowledge Tools Agents Topics +4 Q Publish Settings . bt
I ﬂ MNew test i ™ Evaluat = X

P Test your agent DE ew test session [+ Evaluate
iﬂ 5 minutes ago
Flows

AreGIS Enterprise Please return XY coordinates for 424 Lakeside ave, in
un:f Model Context Protocol | Initialized Redlands
Took

XY Coordinates for 424 Lakeside Ave, Redlands
@ ArcGIS Enterprise 0.22s * Longitude (X): -117.196158445791
Model Context Protocol

* Latitude (Y): 34.038734829071

These coordinates represent the geocoded location

for the address you provided.
geocode_address

Tool {j c?

4 minutes ago

Ask a question or describe what you need
° Complete

042000

o b

You're testing your agent's real responses and capabilities. Find
troubleshooting_help here, Make sure Al-generated content is accurate
and appropriate before using. See terms
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'GRACIAS

En el puerto del futuro,
los datos son el mar,

4

W\ S
,\\ ;'i-'.--o-.--.....
.

el GIS traza el rumbo, N B S a6l
la IA sabe navegar. et e
El GIS da el contexto,

la IA aporta vision,

juntos en cada proyecto,

transforman la operacion.

Mas que tecnologia, ’,3
alianza con propadsito: .

decidir con inteligencia, 3 =
actuar con precision, 'Qr:"

y construir hoy el futuro, LA

de un puerto mas humano, = N

mas eficiente, mas seguro, e Qi

mas conectado, mas cercano. TS \. g

30 de ﬂﬁ/



	Diapositiva 1
	Diapositiva 2
	Diapositiva 3
	Diapositiva 4
	Diapositiva 5
	Diapositiva 6
	Diapositiva 7
	Diapositiva 8
	Diapositiva 9
	Diapositiva 10
	Diapositiva 11
	Diapositiva 12
	Diapositiva 13
	Diapositiva 14
	Diapositiva 15
	Diapositiva 16
	Diapositiva 17
	Diapositiva 18
	Diapositiva 19
	Diapositiva 20

